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Abstract
The aim of this study is to propose a water quality index for reservoirs in a basin using
fuzzy logic. Most of the water quality indices are designed for use in rivers and streams
and based on expert opinion; however, when the water is dammed, the quality usually
Is modified. Mexico is a country with many contrasts in quantity and quality of water.
Management of water resources in the Lerma River is achieved with a system of artificial
reservoirs where water is stored in order to meet human needs, such as public supply,
industry, agriculture and recreation, among others. Monitoring of 11 reservoirs in the Río
Lerma basin was performed to characterize the water quality. Using the water quality
data, those indicators that do not represent redundancy were selected based on the
concentration gradient that occurred in the different reservoirs. Thus, the proposed index
uses eight indicators of water quality. The fuzzy inference system is composed by 633
rules with a score from 0 to 100 and seven verbal categories. The index was validated by
comparison with other water quality index, and their use across the basin was tested by
applying it in five additional water bodies.
Keywords: fuzzy inference system, physicochemical approach, reservoirs, water qual‐
ity
1. Introduction
Water quality assessment traditionally has been measured by physical and chemical parame‐
ters and through the comparison of results of monitoring programs with the existing local
guidelines. Only in some of these cases, the use of this methodology allows for a proper
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identification of contamination causes and may be essential for checking legal compliance;
however, it does not readily give a global behaviour of the water quality in a basin [1].
Water quality indices have been used to translate large data sets on water quality into a single
value representing a certain level of water quality [2]. The common denominator for all water
quality indices is its ability to combine data from monitoring programs by means of a simple
quality vector [3].
The most common water quality constituents used in water quality indices include dissolved
oxygen (DO), pH, temperature, faecal coliforms, turbidity, biochemical oxygen demand,
chlorides, colour, nitrates, total phosphorus, and total solids [3, 4]. These parameters tradi‐
tionally have been selected and qualified through the combined judgment of a panel of water
quality experts within a region or country utilizing a set of questionnaires based on the Delphi
system [5, 6].
Water quality indices are mainly used by water resource managers to communicate whether
water is acceptable for its intended uses [3, 6–9], as well as to compare and identify trends
between different watersheds or water bodies, and facilitate comparison among different
sampling sites and/or events [1, 2, 10, 11].
In addition to water uses (public water supply, agricultural irrigation, industrial, navigation,
recreation, etc.), which are qualified by water quality indices, the services provided by water
bodies, such as maintenance of groundwater level, balance of atmospheric gasses, climate
regulation, and reduction of soil erosion, are extremely important to human welfare; however,
their importance has decreased and is not considered in the assessment tools. There is evidence
that many human dominated ecosystems have become highly stressed and dysfunctional [12].
The evolution of water quality indices has been satisfactory in terms of water resources
management because they were all developed for a specific set of goals such as rating the water
use [13], communication tool, and decision-making managers [6], and they are based on criteria
or standards (environmental benchmarks) that reflect the impairment of quality caused by the
presence of pollutant/parameter considered in the water quality index (WQI).
Horton [14] is considered the pioneer in the design of water quality indices, and he proposed
that various water quality characteristics could be integrated into an overall index. This first
WQI was defined as a rating reflecting the composite influence on overall quality of a number
of individual quality characteristics. After Horton, numerous indices have been developed
that include different water quality characteristics, calculation methods, and different pur‐
poses. Dinius [6] proposed a geometric WQI qualifying until six water uses.
Numerous studies have used water quality indices to determine water quality in rivers [2, 3,
9, 15–20]. Recently, fuzzy theory has been used to design water quality indices and also to
assess the water quality in rivers [21–25].
Few studies, much less at a regional level, have been conducted to assess the water quality in
lakes or reservoirs in terms of a water quality index. In some cases, studies are available on
trophic state development [26–29]. López [28] carried out a regional study in reservoirs of the
Río Lerma basin, pointing out the existence of a trophic gradient from a regional perspective.
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Sedeño-Díaz and López-López [30] applied a geometric WQI to 10 reservoirs of the Río Lerma
basin, and Shuhaimi-Othman et al. [31] carried out a study of the water quality changes of
Chini Lake. Fuzzy synthetic evaluation [32] and fuzzy theory [33, 34] have been utilized for
diagnostic of trophic state in reservoirs. None of these WQI has been developed from a gradient
of environmental conditions inside a hydrologic basin which allows to compare the different
water bodies inside the same region.
Human population growth and changes in adjacent land use have increased the pollutant and
nutrient inputs in the reservoirs, altering water quality and accelerating the eutrophication of
reservoirs, lakes and watercourses. The Río Lerma basin with an extension of only 3% of the
Mexican territory is the most important water system in the central plateau of Mexico.
Likewise, urban areas, agricultural lands, and industrial centres located along its course are
set to become one of the most densely populated and polluted regions in the country. This
basin has experienced negative impacts due to human activities; it currently faces an imbalance
between water demand and availability, primarily due to its natural water scarcity as well as
uneven water quality distribution. The rapid urban and industrial growth among other
economic and social factors has made this worse. Water needs have grown, water users are
fiercely competing with each other and conflicts are emerging as a result. Hence, water quality
has also deteriorated as urban and industrial effluents are often discharged without treatment.
The Río Lerma basin is also considered as a centre for fish fauna endemism [2] and therefore
is mandatory to take conservation measures.
To overcome the water availability problem, numerous reservoirs have been built to satisfy
the needs of the population. Cotler-Ávalos [35] indicates that at present there are 552 reservoirs
in the basin. Therefore, it is important to have simple and easy-to-use tools to assess the water
quality of the reservoirs and facilitate interpretation and decision making, since they are the
main source of water to meet the needs of the population in that region. In this study, a water
quality index (WQI) based on fuzzy logic was designed to assess and to compare the environ‐
mental condition of several reservoirs of the Río Lerma basin, using a selection of eight water
quality characteristics.
2. Background about fuzzy logic and fuzzy inference systems
The aim of this section is not to expose the full fuzzy logic theory (FL); however, it is important
to give a brief introduction. FL was introduced in 1965 by [36], and it is a mathematical tool
for dealing with uncertainty as it is able to measure linguistic concepts or subjective words
that are fundamentally imprecise, ambiguous or fuzzy [21, 37].
We can ask what does a water quality index do with the FL. For several years, FL has been
applied to design environmental indices because it solves complex situations such as ambi‐
guity, subjective judgments, and interpretation of a complex set of multidimensional data [22,
37]. The results of a WQI are most often associated with different linguistic water quality
categories (e.g. excellent, good, regular, or bad water quality). These linguistic variables use
unclear boundaries, that is, these terms include a high degree of uncertainty. In addition,
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considerable vagueness is involved in the allocation of a water quality score for multiple uses
inclusive of a specific use [11]. FL can be considered as a language that allows us to translate
the uncertainty of natural language into mathematical expressions [11]. Thus, FL has been
considered as a useful tool for modelling water quality as it is an alternate approach to
problems where the goals and boundaries are diffuse or imprecise [24, 38].
2.1. Fuzzy inference systems (FISs)
FISs are based on the fuzzy set theory, which maps input values to output values [23, 38]. The
input is called antecedent, while the output is known as consequent. Maps are outlined in the
membership functions.
A membership function is a curve whose shape is defined by convenience [11, 38], and that
defines how each point in the antecedent is mapped to a membership value in a range of 0–1
[21]. In FIS, different shapes of membership functions can be used, such as Gaussian, bell,
trapezoidal and triangular, among others. Trapezoidal and triangular membership functions
have the advantage of being asymmetric [39], but the gradient of values of membership
develops over the same slope value.
In concordance with [11, 38, 40, 41], a FIS consist of three main steps:
• Fuzzification, is the process which changes a crisp input data to a fuzzy number expressed
in a membership function, that is, the transformation of a numerical value of any water
quality variable into a membership grade to a fuzzy set.
• Evaluation of fuzzy decision through the system of linguistic If-Then rules which include
the fuzzy operators to integrate the combined antecedents to the consequent.
• Defuzzification, is the process to obtain a representative value of a fuzzy set, that is, the final
crisp value that integrates all attributes of the multiple antecedents. There are different
methods of defuzzification, the most common are centroid, mean of maxima, and bisector;
however, it is very important to select an appropriate defuzzification method.
These fundamental three steps are imperative to obtain a successful FIS.
In concordance with [38], there are at least six reasons to use models based on fuzzy rules and
fuzzy sets: (a) they can be used to describe a large variety of nonlinear relations, (b) they tend
to be simple, since they are based on a set of local simple models, (c) they can be interpreted
verbally and this makes them analogous to artificial intelligence models, (d) they use infor‐
mation that other methods cannot include, (e) the fuzzy approach has a big advantage over
other indices as they have the ability to expand and combine quantitative and qualitative data
that express the water quality status, and finally, (f) FL can deal with and process missing data
without compromising the final result.
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3. Methods
3.1. Study area
We studied 11 reservoirs with different water use (power generation, agriculture irrigation,
drinking trough, recreational, and public supply) and different location within the Río Lerma
basin (upper, middle, and lower reaches), all of them considered as hydrological priority
systems by Mexican Environmental Authorities (Figure 1).
Figure 1. Río Lerma basin and location of reservoirs studied.
The upper Río Lerma includes the following reservoirs: Ignacio Ramírez (IR), Tepetitlán (TP),
Trinidad Fabela (TF), and Tepuxtepec (TX). In the middle portion of Río Lerma are Ignacio
Allende (IA), Potrerillos (PO), Umecuaro (U), Loma Caliente (LC), Carmen (CA), and Cointzio
(CO), and finally, the reservoir studied in the lower Río Lerma was Wilson (W).
Some reservoirs are located in the headstreams of some Río Lerma tributaries (LC, U, TP, TF,
PO), while others are close to urban or industrial centres (IA, CO, TX) or adjacent to agriculture
and livestock areas (CA, W, IR). Nonetheless, they all sustain human influence of one kind or
another.
3.2. Water quality variables
Water quality for each reservoir was characterized by means of 19 parameters, four times in
an annual cycle to determine the spatial and temporal variation in one year: dissolved oxygen
(mg/L), water temperature (T, °C), Secchi disk transparency (SDT, m), chlorophyll a (Chl a,
μg/L), turbidity (Turb, NTF), and specific conductance (Cond, μS/cm) were measured in situ
with a Hydrolab DataSonde Surveyor 4, while biochemical oxygen demand (BOD, mg/L), total
nitrogen (TN, mg/L), nitrates (NO3, mg/L), nitrites (NO2, mg/L), ammonia (NH4, mg/L), total
phosphorus (TP, mg/L), ortho-phosphates (O-PO4, mg/L), total suspended solids (TSS, mg/L),
and colour (C, Pt-Co units) were determined through Hach techniques with a Hach spectro‐
photometer DR2500. Alkalinity (Alk, mg/L), hardness (H, mg/L), and chlorides (Cl, mg/L) were
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determined by titration, and finally, total dissolved solids (TDS, mg/L) were measured with a
TDS meter Hach model 44600.
A multivariate discriminants analysis (DA) was applied to water quality data to find trends
and reservoirs sharing similar characteristics. Maximum, minimum, and median of all water
quality parameters along 11 reservoirs were taken into account to select those parameters that
should be incorporated in the FIS. Likewise, multiple regressions were carried out to find
relationships among different parameters and to eliminate those with redundancy or without
significance.
The range of values for each selected parameter was considered by taking into account the
absolute lowest and the absolute highest values in all the reservoirs and is expressed along the
x-axis in the membership function curve.
The membership functions were assigned using the Gaussian curve because is the shape that
better reflects the semantic meaning of each parameter considering that increased or decreased
water quality is not lineal.
Linguistic classification for each water quality parameter in the antecedent was considered
only with three categories: Excellent, Medium, and Bad. In the case of water temperature, only
two categories were used: Excellent and Not Excellent, since both low and high temperatures
alter the physiology of organisms inhabiting the water of the reservoirs. The linguistic variables
in the consequent output were considered as Unacceptable, Very Polluted, Contaminated,
Regular Quality, Slightly Polluted, Good Quality, and Excellent.
Different defuzzification methods were tested (Bisector; Centroid; Large of Maximum, LOM;
and Middle of Maximum, MOM) to select the best method.
In addition, the water quality index proposed by [6] was computed for all the reservoirs to
obtain a reference value of water quality (benchmark).
3.3. Mathematical analyses
Statistical analyses were performed using the StatistiXL version 1.8. The Fuzzy Water Quality
Index for the Río Lerma reservoirs was carried out using the Fuzzy Logic Design Toolbox of
MATLAB V. R2013a.
4. Results
4.1. Water quality index as reference status
As a first approach, WQI proposed by [6] (WQIDinius) was computed for all the reservoirs to
have a reference status of water quality. Mean values for each reservoir are show in Table 1
and Figure 14. The maximum value of WQI was in LC, a reservoir located in a headstream of
a tributary of Río Lerma. The lowest score of WQI was detected in TX, which is located
downstream of an urban and industrial zone. These results are the benchmark to compare the
new water quality index.
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Reservoir LC U TF TP PO W CO IR CA IA TX
WQI 79.9 74.83 71.54 70.94 69.84 67.78 67.21 66.42 62.82 62.79 62.49
Table 1. Mean WQIDinius scores for all the reservoirs.
4.2. Selection of environmental variables
In order to select the environmental variables (water quality parameters) to be used in the
setting of the new Fuzzy Water Quality Index for reservoirs of Río Lerma basin (FWQILerma), a
DA was performed with the purpose to detect groups of reservoirs sharing water quality
characteristics. In this sense, DA scatter plot showed a significant formation of four groups
(Wilk’s Lambda = 15E-8, p < 0.001, Figure 2). Using box and whisker plots, we detect the
environmental variables that typify the groups of reservoirs as follows:
Group I:Reservoirs (U, LC, and Pot) with SDT > 0.5 m (Figure 3a), and the lowest concentration
of TSS (Figure 3b), turbidity (Figure 3c), colour (Figure 3d), conductivity (Figure 3g), and TDS
(Figure 3h).
Group II:Reservoirs (Tepe and TF) with the lowest concentration of nutrients (nitrates and
ortho-phosphates, Figures 3g and 3h, respectively).
Group III:Reservoirs (Co and W) with the highest concentration of nitrates (Figure 3g),
turbidity (Figure 3c), and colour (due the presence of clay, Figure 3d), and the lowest values
of hardness (Figure 3i).
Group IV:It includes the reservoirs IR, Car, IA, and Tepu, which shows the highest concen‐
tration of hardness (Figure 3i), TSS (Figure 3b), ortho-phosphates (Figure 3f), biochemical
oxygen demand (Figure 3j), and the lowest values of SDT (Figure 3a).
Figure 2. Scatter plot of the discriminant analysis of reservoirs based on their water quality attributes.
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Figure 3. Box and whisker plots of physicochemical variables that characterize each group of reservoirs according to
DA.
Based on these groups, five variables were selected: (a) Secchi disk transparency, (b) conduc‐
tivity, (c) nitrates, (d) ortho-phosphates, and (e) colour, with the following justification:
Secchi disk transparency: This is an important physical parameter in lentic systems because it
has a close relationship with turbidity (physical and biological), the total suspended solids and
colloidal particles. In several cases, there is a direct relationship with chlorophyll a content and
therefore, in such cases, can be an indicator of biological productivity for lentic systems.
In the Río Lerma basin, a relationship between SDT, turbidity, Chl a, and TSS data was
determined for all the water bodies studied. The following expression summarizes the
relationship among these parameters:
21.83 0.00598 ( ) 0.27 (   ) 0.101 ( )        0.816SDT ln Turbidity ln Chl a ln TSS R= - - - =
Thus, we can consider only SDT measure as a representative parameter of Chl a, turbidity, and
TSS — the last two are parameters that characterize the reservoirs according to DA.
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The membership function for SDT was obtained considering the minimum (0.07 m) and
maximum value (1.5 m) of transparency detected in all the reservoirs (Figure 4).
Figure 4. Membership function for SDT.
Conductivity: The specific conductance or conductivity represents the salinity of water. It is a
measure of the ability of water to conduct electrical current; likewise, conductance qualitatively
reflects the status of inorganic pollution and is a measure of total dissolved solids and ionised
species in the water [16, 19]. An empirical relationship between total dissolved solids and
conductivity can be derived for any stream. High levels of dissolved and suspended solids in
the water systems increase the biological and chemical oxygen demand, which deplete the
dissolved oxygen levels in the aquatic systems. The levels of TDS in a broad sense reflect the
pollutant burden of the aquatic system [16], and include the carbonates and sulphates that are
considered in hardness measurements. Therefore, conductivity is an important parameter to
be considered in the FWQILerma. The membership function was considered taking into account
a range of values of conductivity from 0 to 700 μs/cm (Figure 5).
Figure 5. Membership function for conductivity.
Colour: Water colour is indicative of substances in solution or in colloidal suspension, but also
is the result of interplay of light on suspended particulate materials together with such factors
as bottom or sky reflection. Dissolved substances and particulate organic matter contribute to
the colour and turbidity of natural waters. It is also indicative of algae blooms [7]. For the Río
Lerma basin reservoirs, in addition to SDT, colour was considered as an important factor due
the nature of the substrate, because colour varies according to the type of clays found in
different regions of the basin independently of primary production due to algae. Reservoirs
Co and W were those with the highest values of colour due to clays. The membership function
of colour was determined considering a range of values from 0 to 700 Pt-Co units (Figure 6).
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Figure 6. Membership function for colour.
Ortho-phosphates: They are the bioavailable chemical species of phosphorus for the aquatic
organisms, which is the main reason for its consideration in this index. Still more than total
phosphorus, this one can be in nonbioavailable dissolved inorganic forms for the organisms
or in particulated form (like part of the aquatic organisms). Furthermore, ortho-phosphates
are an indicator of the trophic state, as well as of municipal effluents and the agricultural runoff.
The membership function was performed considering a range from 0 to 12 mg/L of ortho-
phosphates (Figure 7).
Figure 7. Membership function for ortho-phosphates.
Nitrates: The nitrates are a chemical species of the nitrogen bioavailable to be used by the
aquatic biota, mainly by the primary producers. Nitrates are a source of nitrogen present in
water column that permits the aquatic biota to cover their nutritive needs of nitrogen. Likewise,
it is an indicator related to the trophic state in lentic systems. The membership function was
performed considering a range of values from 0 to 40 mg/L, taking into account all the
reservoirs (Figure 8).
Figure 8. Membership function for nitrates.
Three additional variables were included in the FWQILerma: dissolved oxygen, water temper‐
ature, and ammonia, taking into account the following:
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Dissolved oxygen is one of the critical parameters for aquatic life support and the most
frequently measured parameter in monitoring studies. This parameter represents the amount
of oxygen that is available to aquatic organisms for metabolism/respiration and assimilation
of food [42]. DO is an indicator of photosynthetic activity and the deoxygenation and reaeration
factors such as water currents, temperature, wave action, and other disturbances at the
reservoir surface results in a greater passage of the oxygen into solution. Membership function
was based on the percentage of saturation of DO, taking into account that temperature and
altitude are the principal factors that affect the concentration of DO, and that 100% represents
the better condition of DO (Figure 9).
Figure 9. Membership function for DO.
Water temperature is an important parameter in water quality because it has a great relation‐
ship with the physiology of the aquatic organisms; in lentic systems, the temperature shows
a gradient in the first metres of deep, and in certain reservoirs, a thermocline may occur. To
determine a value of temperature, which represents an ideal value for the fish fauna and other
aquatic organisms living in the Río Lerma basin, the mean value of temperature from 1975
through 1999 in the 17 monitoring stations (in all of the three portions of this basin) was
considered as a satisfactory value; the data were taken from [2]. The 100% of membership
(excellent) was adjusted on the mean value of water temperature in that period. Temperature
values above or below the mean value were considered “Not Excellent” in a gradient of
decrease or increase (Figure 10).
Figure 10. Membership function for water temperature.
Ammonia is considered because it is a chemical that participates in the cycle of nutrients (N)
and is an indicator of organic pollution that is faster and easier to determine than the total and
faecal coliforms. It is an indicator of faecal pollution and municipal wastewaters. Ammonia is
excreted by animals and is produced during decomposition of plants and animals. Ammonia
is an component in many fertilizers and is also present in sewage, storm water runoff, certain
Fuzzy Logic as a Tool for the Assessment of Water Quality for Reservoirs: A Regional Perspective (Lerma River Basin,
Mexico)
http://dx.doi.org/10.5772/64265
165
industrial wastewaters, and runoff from animal feedlots. Furthermore, ammonia can be toxic
depending on the temperature and pH. In this sense, ammonia can be an excellent water
quality indicator of organic pollution, mainly of domestic wastewater. The membership
function was considered with a range from 0 to 1.6 mg/L, which were the values observed
through all the reservoirs (Figure 11).
Figure 11. Membership function for ammonia.
4.3. Inference rules (If-Then)
Since eight water quality variables were used to perform the FWQILerma, it was necessary to
conform a system of If-Then rules. The effect of the different water quality variables cannot be
isolated because all of them occur simultaneously in the water. Then, a single rule must
incorporate all the variables, and so all the rules. Thus, the FIS for FWQILerma was composed
by 633 If-Then rules considering the eight water quality variables as the antecedent and seven
linguistic categories in the consequent output.
Examples of inference rules for each category of the consequent output are:
• If DO is bad, and NO3 is excellent, and DS is medium, and Specific Cond is excellent, and
O-PO4 is excellent, and Colour is excellent, and Ammonia is excellent, and Temp is not
Excellent, then WQI is Unacceptable.
• If DO is medium, and NO3 is medium, and DS is bad, and Specific Cond is bad, and O-
PO4 is bad, and Colour is bad, and Ammonia is bad, and Temp is excellent, then WQI is Very
Polluted.
• If DO is excellent and NO3 is bad, and DS is bad, and Specific Cond is medium, and O-
PO4 is medium, and Colour is bad, and Ammonia is bad, and Temp is Excellent, then WQI
is Contaminated.
• If DO is excellent and NO3 is excellent, and DS is bad, and Specific Cond is medium, and O-
PO4 is bad, and Colour is bad, and Ammonia is medium, and Temp is Not excellent, then
WQI is Regular Quality.
• If DO is excellent and NO3 is excellent, and DS is excellent, and Specific Cond is medium,
and O-PO4 is medium, and Colour is medium, and Ammonia is medium, and Temp is
excellent, then WQI is Slightly contaminated.
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• If DO is excellent and NO3 is excellent, and DS is excellent, and Specific Cond is excellent,
and O-PO4 is medium, and Colour is medium, and Ammonia is Good Quality, and Temp
is excellent, then WQI is Good Quality.
• If DO is medium and NO3 is excellent, and DS is excellent, and Specific Cond is excellent,
and O-PO4 is excellent, and Colour is excellent, and Ammonia is excellent, and Temp is
excellent, then WQI is Excellent.
The consequent output is a crisp value as a result of defuzzification process, which is associated
with the linguistic category in the consequent. Thus, the Input-Output map of the FIS for
FWQILerma is depicted in Figure 12.
Figure 12. Map for fuzzy water quality index inference system.
4.4. Selection of defuzzification method
As indicated above, different methods of defuzzification were tested, for which ANOVA was
performed between the WQIDiniuis results and the scores obtained for FWQILerma with the
application of the following defuzzification methods: Bisector, Centroid, LOM, and MOM. In
this case, the best method was selected based on the minimum statistical difference between
WQI proposed by [6] (benchmark) and defuzzification results. Figure 13 shows the box and
whisker plot of the comparison between WQIDinius score and the scores of the different methods
of defuzzification; LOM is the one with the smallest difference with WQIDinius; in fact, there is
a total overlap. In this sense, LOM was selected as the method of defuzzification for FWQILerma.
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Figure 13. Box and whisker plot representing the results of ANOVA of the application of different defuzzification
methods compared with the benchmark WQIDinius.
Figure 14. WQI scores (±SD) of Río Lerma reservoirs, considering results of WQIDinius and FWQILerma.
Once the defuzzification method was selected, it is possible to compute the FWQILerma for all
the reservoirs. Figure 14 shows the WQI scores for WQIDinius and FWQILerma. The best scores
were obtained from LC, U, TP, and TF reservoirs, which are in headstreams.
4.5. Model validation
In order to identify the effectiveness of the FWQILerma, a validation process was carried out
using five new water bodies located in different sites into the Río Lerma basin. Thus, two water
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bodies with an excellent water quality were selected: Nieves and Zacapu Lake; on the other
hand, additional water bodies were selected with a regular water quality: Melchor Ocampo
Reservoir, Pool Lake, and Solis Reservoir.
When the FWQILerma was applied to these water bodies, the first two showed a score of 86, and
the other three obtained the score of 64, 64, and 62, respectively (Figure 15), showing that
FWQILerma effectively reflects the water quality status in other water bodies of the same basin.
Figure 15. WQI scores for water bodies of validation.
5. Discussion
The WQI have been an excellent tool to assess water quality using physicochemical approach.
Historically, water quality indices have been applied by environmental agencies to take
decisions about water management and conservation and to advise the water quality status to
the public. Both regional (ecoregions) and basin approaches have proven to be the most
successful tools for the assessment of water resources. In this case, the new FWQILerma is focused
in assessing reservoirs located in the same basin, considering different water uses, surrounding
land use, and their position into the basin. Like other WQI, their scores are into the range of
0–100, with the superior limit indicating an excellent water quality. Unlike other WQI that use
15–18 water quality variables, FWQILerma only uses eight. This is the first WQI that includes
SDT as an important parameter, making measurement easier and cost-effective. It is an
important issue in a basin with a high number of reservoirs.
Fuzzy inference system has been used by other authors to design WQI for rivers [24, 38], but
not in reservoirs or lakes. Liou and Lo [12] applied fuzzy set theory to evaluate trophic state
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in some reservoirs in China using the three typical parameters: total phosphorous, Chl a, and
SDT.
Bai et al. [11] and Mourhir et al. [23] proposed a river water quality index based on fuzzy logic,
using six indicators and 15,625 and 86 rules, respectively. The fuzzy WQI proposed by [38]
was set up with 27 water quality indicators (WQInd) and 96 fuzzy inference rules; while those
proposed by [24] is composed of 9 variables and 3125 fuzzy rules. In this study, a multivariate
analysis of discriminants and other statistic tools were employed to characterize the reservoirs
and select the most important water quality variables; in this sense, FWQILerma was set up by
eight water quality indicators and 633 inference rules.
While other authors have applied only one of the traditional methods of defuzzification: Centre
of Gravity [21], Centroid [11, 21, 38], or MOM [41], this study analysed what could be the best
defuzzification method, considering a benchmark. Thus, the best method for defuzzification
was LOM. In this sense, comparison with other WQI as a benchmark was a process to know
the range of water quality at which the reservoirs should be. In this study, we look for the
match with the WQIDinius.
Ocampo-Duque et al. [38] compared their FWQI with some impact indicators such as bio‐
chemical responses in fish, which matched with FWQI spatial data. Semiromi et al. [21]
compared their FWQI with other indices using a set of independent data. In this study,
FWQILerma was compared to WQIDinius to verify the range of scores and to select the best method
of defuzzification, which is a part of the validation process. On the other hand, a set of other
reservoirs into the Río Lerma basin was used to evaluate the applicability of this index in other
water bodies whose water quality data were not used in the setting, that is, its potential use at
the regional or basin levels was tested.
Thus, FWQILerma scores were compatible with the water quality status assessed with the
WQIDinius. This index showed that those reservoirs exposed to minimum impact (U, LC, TF,
and TP) obtained the best scores, while those reservoirs closed to urban, industrial, or agri‐
cultural zones (W, TX, CO) displayed scores with a regular water quality.
6. Concluding remarks
• Water Quality Indices are important tools to assess the status of water bodies considering
the integrated measure of physical and chemical indicators that contribute to decision
making.
• In concordance with other authors, FL and FIS in this study resulted to be excellent tools to
assess the water quality in water bodies.
• FWQILerma shows to be consistent with WQIDinius.
• FWQILerma proved to be an outstanding and robust tool to rate and take decisions about the
water quality in reservoirs located in the Río Lerma basin since it reflected the water quality
scores in the same range as other indices.
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• This index is believed to be cheaper because it uses only eight parameters, among them DO
and conductivity are measured in the field using a probe (a very common equipment for
water quality monitoring), and SDT is recorded with a single Secchi disk.
• This index is one of the WQI specially configured to assess water quality in reservoirs.
Acknowledgements
Authors are thankful to Instituto Politécnico Nacional and CONACyT-SEMARNAT for
financial support for the Project “Diagnóstico del estado trófico y calidad del agua de embalses
de la cuenca del río Lerma, generación de un modelo regional. C01-0384.” (Assessment of
trophic state and water quality of reservoirs of the Río Lerma Basin, generating a regional
model.). Likewise, authors would like to thank to Ing. Mali Carol Uspango Becerro by editing
the figures.
Author details
Jacinto Elías Sedeño-Díaz1* and Eugenia López-López2
*Address all correspondence to: jsedeno@ipn.mx
1 Polytechnical Coordination for Sustainability, National Polytechnic Institute. Coordinación
Politécnica para la Sustentabilidad, Instituto Politécnico Nacional. Av. IPN esq. Wilfrido
Massieu s/n, Edif. Biblioteca Nacional 3er piso., Ciudad de México, México
2 Laboratory of Aquatic Ecosystems Health Assessment, National School of Biological Scien‐
ces, National Polytechnic Institute. Laboratorio de Evaluación de la Salud de los Ecosistemas
Acuáticos, Departamento de Zoología. Escuela Nacional de Ciencias Biológicas, Instituto Po‐
litécnico Nacional. Prol. de Carpio y Plan de Ayala, Col. Sto. Tomas, Ciudad de México.
México
References
[1] Debels P, Figueroa R, Urrutia R, Barra R and Niell X. Evaluation of water quality in the
Chillán River (Central Chile) using physicochemical parameters and a modified Water
Quality Index. Environmental Monitoring and Assessment . 2005;110:301–322. DOI:
10.1007/s10661-005-8064-1
Fuzzy Logic as a Tool for the Assessment of Water Quality for Reservoirs: A Regional Perspective (Lerma River Basin,
Mexico)
http://dx.doi.org/10.5772/64265
171
[2] Sedeño-Díaz JE, López-López E. Water quality in the Río Lerma, Mexico: An overview
of the last quarter of the twentieth century. Water Resources Management .
2007;21:1797–1812. DOI: 10.1007/s11269-006-9128-x
[3] Štambuk-Giljanović N. Water quality evaluation by index in Dalmatia. Water Research.
1999;33(16):3423–3440. DOI: 10.1016/S0043-1354(99)00063-9
[4] Thanh NC, Biswas AK, (editors). Environmentally-sound Water Management. 1st ed.
Oxford: Oxford University Press; 1990183 p.
[5] Brown RM, McClelland NI, Deininger RA, Tozer RG. A water quality index: Do we
dare? Water and Sewage Works. 1970;117:339–343.
[6] Dinius SH. Design of an index of water quality. Water Resources Bulletin. 1987;23(5):
833–843 .
[7] Walski TM, Parker FL. Consumer’s water quality index. Journal of the Environmental
Engineering Division. 1974;100(EE3):593–611.
[8] Miller WW, Joung HM, Mahannah CN, Garrett JR. Identification of water quality
differences in Nevada through index application. Journal of Environmental Quality.
1986;15(3):265–272.
[9] Bordalo AA, Nilsumranchit W, Chalermwat K. Water quality and uses of the Bangpa‐
kong River (eastern Thailand). Water Research. 2001;35(15):3635–3642.
[10] Shultz MT. A critique of EPA‘s index of watershed indicators. Journal of Environmental
Management. 2001;62:429–442.
[11] Bai RV, Bouwmeester R, Mohan S. Fuzzy logic water quality index and importance of
water quality parameters. Air, Soil and Water Research. 2009;2:51–59.
[12] Liou Y, Lo S. A fuzzy index model for trophic status evaluation of reservoir waters.
Water Research. 2005;39:1415–1423. DOI: 10.1016/j.watres.2005.01.014
[13] Monteiro Masalskiene Roveda SR, Maia Bondança AP, Soares Silva JG, Roveda JAF.
Development of a water quality index using a fuzzy logic: A case study for the Sorocaba
river. In: IEEE, editor. 2010 IEEE International Conference on Fuzzy Systems (FUZZ);
Fuzzy Systems (FUZZ); Barcelona, Spain: 2010. 18–23 July, 2010; p. 1–5. DOI: 10.1109/
FUZZY.2010.5584172[13]
[14] Horton RK. An index number system for rating water quality. Journal of Water
Pollution Control Federation. 1965;37(3):300–305.
[15] Pesce SF, Wunderlin DA. Use of water quality indices to verify the impact of Córdoba
City (Argentina) on Suquía River. Water Research. 2000;34:2915–2926. DOI: 10.1016/
S0043-1354(00)00036-1
[16] Jonnalagadda SB, Mhere G. Water quality of the Odzi river in the eastern highlands of
Zimbabwe. Water Reseach. 2001;35(10):2371–2376.
Lake Sciences and Climate Change172
[17] Sargaonkar A, Deshpande V. Development of an overall index of pollution for surface
water based on a general classification scheme in Indian Context. Environmental
Monitoring and Assessment. 2003;89(1):43–67.
[18] Liou SM, Lo SL, Wang SH. A generalized water quality index for Taiwan. Environ‐
mental Monitoring and Assessment. 2004;96:32–35.
[19] Said A, Stevens DK, Sehlke G. An innovative index for evaluating water quality in
streams. Environmental Management. 2004;34(3):406–414.
[20] Kannel PR, Lee S, Lee Y, Kanel SR, Khan SP. Application of water quality indices and
dissolved oxygen as indicators for river water classification and urban impact assess‐
ment. Environmental Monitoring and Assessment. 2007;132(1):93–110.
[21] Semiromi FB, Hassani AH, Torabian A, Karbassi AR, Hosseinzadeh Lotfi F. Water
quality index development using fuzzy logic: A case study of the Karoon River of Iran.
African Journal of Biotechnology. 2011;10(50):10125–10133. DOI: 10.5897/AJB11.1608.
[22] Ocampo-Duque W, Osorio C, Piamba C, Shumahmacher M, Domingo JL. Water quality
analysis in rivers with non-parametric probability distributions and fuzzy inference
systems: Application to the Cauca River, Colombia. Environment International.
2013;52:17–28.
[23] Mourhir A, Rachidi T, Karim M. River water quality index for Morocco using a fuzzy
inference system. Environmental Systems Research. 2014;3(21):1–12.
[24] Lermotov A, Yokoyama L, Solares A. River quality analysis using fuzzy water quality
index: Ribeira do Iguape river watershed, Brazil. Ecological Indicators. 2009;9:1118–
1197.
[25] Sahu M, Mahapatra SS, Sahu HB, Patel RK. Prediction of water quality index using
neuro fuzzy inference system. Water Quality, Exposure and Health. 2011;3:175–191.
DOI: 10.1007/s12403-011-0054-7.
[26] Bernal-Brooks FW, Dávalos-Lind L, Lind OT. Seasonal and spatial variation in algal
growth potential and growth-limiting nutrients in a shallow endorheic lake: Lake
Pátzcuaro (Mexico). Lakes Reservoirs: Research and Management. 2003;8:83–93. DOI:
10.1046/j.1320-5331.2003.00217.x.
[27] López-López, E, Soto-Galera E. Diagnosis of eutrophication of the reservoir Ignacio
Allende, Guanajuato, Mexico. Annals of the Institute of Marine Sciences and Limnol‐
ogy. 1993;20(1):33–42.
[28] Lopez E. Regional limnology of ten reservoirs in the Lerma Basin, Mexico. International
Association for Theoretical and Applied Limnology. 2000;274:2288–2293.
[29] Xiangcan J. Analysis of eutrophication state and trend for lakes in China. Journal of
Limnolgy. 2003;62(2):60–66. DOI: http://dx.doi.org/10.4081/jlimnol.2003.s1.60.
[30] Cotler-Ávalos H. Water Quality of Reservoirs. In: Cotler-Ávalos E, Mazari Hiriart M,
and De Anda Sánchez J. (editors). Atlas of the Lerma-Chapala Basin, Building a Joint
Fuzzy Logic as a Tool for the Assessment of Water Quality for Reservoirs: A Regional Perspective (Lerma River Basin,
Mexico)
http://dx.doi.org/10.5772/64265
173
Vision, Edition: 1, Secretary of the Environment and Natural Resources, National
Ecology Institute and National Autonomous University of Máxico, 2006; pp. 148–150
[31] Shuhaimi-Othman M, Lim EC, Mushrifah I. Water quality changes in Chini Lake,
Pahang, West Malaysia. Environmental Monitoring and Assessment. 2007;131:279–292.
DOI 10.1007/s10661-006-9475-3.
[32] Lu RS, Lo SL, Hu JY. Analysis of reservoir water quality using fuzzy synthetic evalu‐
ation. Stochastic Environmental Research and Risk Assessment. 1999;13:327–336.
[33] Liou YT, Lo SL. A fuzzy index model for trophic status evaluation of reservoir waters.
Water Research. 2005;39(7):1415–1423. DOI:10.1016/j.watres.2005.01.014.
[34] Lu RS, Lo SL. Diagnosing reservoir water quality using self-organizing maps and fuzzy
theory. Water Research. 2002;36(9):2265–2274.
[35] Cotler-Ávalos H. Dams and levees. In: Cotler-Ávalos E, Mazari Hiriart M, and De Anda
Sánchez J. (editors). Atlas of the Lerma-Chapala Basin, Building a Joint Vision, Edition:
1, Secretary of the Environment and Natural Resources, National Ecology Institute and
National Autonomous University of México, 2006; pp. 148–150.
[36] Zadeh LA. Fuzzy sets. Information and Control. 1965;8:338–353.
[37] Sivert W. Ecological impact classification with fuzzy sets. Ecologial Modelling.
1997;96:1–10.
[38] Ocampo-Duque W, Ferré HN, Domingo J, Schuhmancher M. Assessing wáter quality
in rivers with fuzzy inference systems: A case study. Environmental International.
2006;32:733–742.
[39] Castillo O, Melin P. Type-2 Fuzzy Logic Theory and Applications. Berlin: Springer-
Verlag; 2008.
[40] Dahiya S, Singh B, Gaur S, Garg VK, Kushwaha HS. Analysis of groundwater quality
using fuzzy synthetic evaluation. Journal of Hazardous Materials. 2007;147:938–946.
[41] Altunkaynak A, Sen Z. Fuzzy logic model of lake water level fluctuations in Lake Van,
Turkey. Theoretical and Applied Climatology. 2007;90:227–233. DOI: 10.1007/
s00704-006-0267-z.
[42] Kaurish FW, Younos T. Developing a standardized water quality index for evaluating
surface water quality. Journal of the American Water Resources Association. 2007;43(2):
533–545.
Lake Sciences and Climate Change174
